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ABSTRACT

This paper proposes a PCA-CVNN-ECBP (PCA-CVNN with Error-Correcting Backpropagation) algorithm that
combines dimensionality reduction using Principal Component Analysis (PCA) and a Complex Valued Neural
Network (CVNN) for image processing and classification. The algorithm is validated through experiments, which
show improved performance in image processing and classification. The paper also discusses the importance of
dimensionality reduction in image processing and classification, the PCA method for dimensionality reduction, and
error correction and backpropagation methods in CVNNs. The results of the experiments prove that the proposed

algorithm is an effective method.
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Fig. 5. Example of PCA on the MNIST dataset
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Training and Test Accuracy over Epochs
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Training and Test Accuracy over Epochs
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